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Summary

e Last Class: Can solve maximum flow in time O(m - v*)
* Canbevery slow when capacities are large
* Cannot be improved if we allow arbitrary augmenting paths

* Today: Improving running time by choosing better paths
* Widest Augmenting Path: O(m - log v*)
 Shortest Augmenting Path: 0(m?*n)

* Still actively studied!
« Can solve maximum flow in O(mn) using augmenting path* algos
* Recent Breakthrough: Can solve maximum flow in time* mitoD)

* Later On: Using maximum-flow as a building block for
solving many more problems



